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Abstract—This paper introduces a new facial expression 
recognition system. Facial expressions analysis encounters 
two major problems: non-rigid morphing (human facial 
expression are non-rigid and shape deformation) and 
person-specific appearance (the facial action features are 
people-dependent). Our facial expression system analyzes 
the non-rigid morphing facial expressions and eliminates 
the person-specific effects through patch features 
extracted from facial motion due to different facial 
expressions. Finally, classification and localization of the 
center of the facial expression in the video sequences are 
performed by using a Hough forest. 

I. INTRODUCTION 

In recent years, the human-machine interface (HMI) 
applications have been widely applied in many smart devices. 
Human emotion understanding for friendly HMI is an 
indispensable and challenging research topic. Human face 
contains a lot of information and it varies from person to 
person. Mehrabian[1] indicates that to identify the mood of a 
human being, the proportion of the language (conversation, 
words of significance) accounts for 7%, the auditory message 
(intonation, sound size) accounts for 38%, and the visual 
message (facial expressions, body movements) accounts for 
55%. To know the mood of a person, over half of the message 
is from the visual observations, and the facial expression is 
one of the most important information.  

The previous works of automatic facial expression 
recognition can be categorized into two main categories[2]: 
image-based methods and video-based methods. However, a 
natural facial expression is dynamic, which evolves over time 
from the onset, the apex, and the offset. Onset is defined as 
the time from the start of the expressive episode to a peak of 
intensity. Apex is the amount of time the expression is held at 
the peak, and offset time is the time from the first evidence of 
fading of the expression until it stops fading. The image-based 
methods take only one shot to capture the image 
characteristics at the apex of the expressions. They ignore 
such dynamic feature, so they cannot perform well in most 
real world settings. Facial expressions analysis encounters 
two issues: non-rigid morphing (human faces are non-rigid 
and shape deformation under expression) and person-specific 
appearance (the locations of the facial features are absolutely 
not constant for different people).  

Existing approaches to facial expression analysis can also 
be divided into geometric-based and appearance-based 
approaches. Appearance-based method may detect the edge 

gradient, or generate the gradient distribution of the objects 
based on histogram of gradient orientation (HOG) [4]. 
Another description of area texture variation resistant to 
brightness variations is Local Binary Patterns (LBP) [5]. 
There are other features such as Haar-like [7], Gabor Wavelet 
[9], for facial expression recognition. The advantage of such 
features is user discriminative. It is well captured because of 
facial expressions and facial texture changes. 

Geometric-based Features using a number of points to 
describe the contours of the face information. Usually, facial 
feature points (both ends of the eyebrows, around the eyes, 
around the mouth etc.) are regarded as the key points. The 
variations between the key points can be used for the 
expression recognition.  To achieve the automated expression 
recognition, most researchers use Active Appearance Model, 
AAM [8] or active shape model (ASM)[9] to detect feature 
point and trace these characteristic points to record the 
displacement of the point. Because it finds the relative 
position between the points as the features, it is not influenced 
by the person-specific appearance. The disadvantage is that 
the location of these feature points is not precise for tracking 
because of head displacement. 

Ekman [10] suggested that all emotions belong to a rather 
small set of categories. These “basic” emotions (anger, 
disgust, fear, happiness, sadness, and surprise) are expressed 
by the same facial movements across different cultures, and 
therefore represent an appealing choice when designing 
automatic methods for facial expression classification. Pantic 
et al.[11] conclude that facial expression recognition method 
is divided into three categories: template-based, and rule-
based, learning-based. They generally apply the learning-basis 
of expression recognition system, and the support vector 
machine SVM [12] is widely used in [4, 5, 6]. 

This paper presents a video-based method for the 
classification of facial expressions into one of the basic 
emotion labels. We capture the facial images through the 
camera, analyze the non-rigid morphing facial expressions, 
and eliminate the person-specific effects through patch 
features extracted from facial motion. Finally, classification 
and localization of the center of the expression in the video 
sequences are performed by using a Hough transform voting 
method and random forests. 

In the preprocessing, the face, nose and two eyes are 
located for the following face alignment process. Then, we 
may estimate the motion field due to facial expression 
changes between consecutive frames. Third, the patches are 
sampled from the video sequence and the motion in patch is 



summed. Finally, a combined random forests and a Hough 
voting are used to classify the sequence in terms of expression 
and localization of the center of the expression in the video 
sequences. Different from the previous Hough forest [17, 18], 
we apply the Hough voting for expression recognition and 
propose the ROI filtering to accumulate more effective votes 
and locate the accurate facial expression in temporal axis.  

 

 
Figure 1 System flow diagram 

 

II. FEATURE EXTRACTION 

Based on previous study [13], we find that facial 
expression recognition based-on feature extractions 
encounters two challenges:  non-rigid morphing (human faces 
are non-rigid and undergo shape deformation during facial 
expression) and person-specific emotional face appearance as 
shown in Figure 2. 

(a)  

(b)  

Figure 2. (a) Non-rigid morphing, (b) person-specific emotional 
appearance effects. 

To increase expression recognition accuracy, we 
analyze the non-rigid morphing facial expressions and 
eliminate the person-specific effects. The facial expression 
is similar to certain kind of human action. By applying 
similar human action analysis, we may eliminate the 
person-specific emotional appearance. When people want 
to make a specific action, the muscles will be moving 
towards a particular direction. Facial muscles will do the 
similar way to make certain kind of expression. Although 
everyone looks different, the facial muscle will make the 
similar movement for facial expression as shown in Figure 
3. Our expression recognition system analyzes facial 
expression by analyzing the motion features extracted from 
a sequence of frames. 

 
Figure 3. Basic emotions motion direction 

A.  Preprocessing 

The preprocessing consists of face detection, eye 
detection, nose detection, face alignment, tracking and 
motion field extraction which are shown in Figure 4. The 
face, nose and two eyes on each frame are located by face 
detection and tracking module [3]. This area is then in-
plane rotated so that the face will have an up-right pose. 

 
Figure 4. preprocessing overview 

After face detection, we may find the feature points of the 
face (i.e., eyes, nose). We align the faces based on the 
locations of the feature points. Face are rotated and scaled so 
that the eyes lie on the same horizontal line and have the same 
inter-ocular distance. The advantage is to ensure that the faces  
are fully aligned and located at the same position. The 
original and the aligned faces are shown in Figure 5. 



 
Figure 5. (a) the original face; (b) aligned face; (c) tilt face. 

Optical flow [14] shows the motion field of 
apparent motion of objects based on the intensity variations of 
surfaces and edges in a visual scene caused by the relative 
motion between an observer and the scene. Optical flow 
techniques such as  Lucas-Kanade method assumes: (1) Image 
brightness in a small region remain the same although their 
location may change, (2) The image motion of a surface patch 
changes gradually over time, and (3) Neighboring points in 
the patch have similar motions. The Lucas-Kanade method 
assumes that the displacement of the image contents between 
two nearby instants (frames) is small.  

B. Motion Extraction 

After preprocessing of each video sequence, we analyze 
the motion field which occurs due to facial expressions 
between consecutive frames. We use optical flow method and 
B-splines interpolation to analyze the motion feature. B-
splines curve is a widely used in the application of computer-
aided parametric curves and displacement analysis on a large 
number of excellent local control capacities. It also has been 
applied in MRI medical imaging [15]. Here, we use optical 
flow algorithm and find the control points. Then, we 
interpolate the motion field which into three different kinds of 
usages: the magnitude, the vertical direction, the horizontal 
direction as shown in Figure 6. 

 
Figure 6. Facial motion feature. (a) (b) two faces; (c) motion magnitude; (e) 
motion x direction; (f) motion y direction 

Since the amount of motion between consecutive 
frames is usually small and may not provide enough 
information for expressions detection, the motion field is 
accumulated in temporal as ܫ௜௠௔௚ሺݔ, ,ݕ ௜ሻݐ ൌ ∑ ඥuሺݔ , , ݕ ሻଶݐ ൅ vሺݔ , , ݕ ሻଶ୲ୀ୲୧ାT୲ୀ୲୧ିTݐ         (1) 

where u(x, y, t) and v(x, y, t) are the two motion vector 
components of pixel located at (x, y) in the tth image frame, 
and T is the observation window temporal duration. Figure 7 
shows the accumulated motion features which include the 
motion magnitude, the motion over time in the horizontal 
direction, and the motion over time in the vertical direction. 

 

Figure 7. Accumulated motion feature. 

C. Patch sample 

To eliminate the person-specific effects, we extract the 
3D video patch p which contains the motion features of 
facial expression. The 3D video patches are sampled from 
the video sequence as shown in Figure 8.  

 
Figure 8. Patch samples. 

III CLASSIFICATION 

The retrieved video patches can be used to identify the 
facial expression. However, the number of patches is so 
large that matching these patches for recognizing the facial 
expression is very time consuming. To speed up retrieval, 
Hough forest [17, 18] is proposed which has recently been 
extended to handle multi-class detection in the spatio-
temporal domain and applied to the task of action 
recognition. 

A. Random Forest. 

Random forest [16] is an ensemble classifier that consists 
of many decision trees. Decision trees are commonly used in 
operation research, specifically in decision analysis, to help 
recognizing a strategy most likely to reach a goal. If the 
decisions have to be taken online with no recall under 
incomplete knowledge, a decision tree should be paralleled by 
a probability model as a best choice model or online selection 
model algorithm. Another use of decision trees is as a 
descriptor for calculating conditional probabilities. The 
randomization consists of random selection of training data 
and random test selection of the division hypothesis at each 
non-leaf node. 

Random forest training involves tree construction and a 
best binary hypothesis of the non-leaf node that divides the 
training data into two subsets. After training, a binary test is 



assigned to each non-lead node. In the testing, a test sample 
passes the non-leaf nodes of tree and reaches a leaf node. The 
category of the test sample is calculated by averaging the 
class probability distributions of the training samples pre-
stored at the designated leaf node. 

Generalized Hough transform has been used to find the 
imperfect instances of objects within a certain class of shapes 
by a voting procedure. This voting procedure is carried out in 
a parameter space, from which object candidates are obtained 
as local maxima in a so-called accumulator space that is 
explicitly constructed by the algorithm for computing the 
Hough transform. The randomized trees are used to learn the 
mapping between a 3D video patch and its vote in 4D Hough 
space to obtain the class label and spatio-temporal location of 
an action in the sense of generalized Hough transform.  

The observation in face expression recognition system is 
the 3D video patch. The patch parameters are used for 
mapping between the input patch and its n-nearest neighbors 
with label. The facial expression of the input patch is 
classified by weighting these neighbors, and the temporal 
location of the facial expression can be obtained by Hough 
voting process based on its neighbors in temporal space. 
Finally, the facial expression can be recognized by the labeled 
bucket having the largest number of accumulated votes of 
which the temporal location indicates the apex point of the 
facial expression. 

 
Figure 9. (a) Patches and (b) Hough voting based on patch parameters. 

In the training, 3D video patches are semi-randomly 
selected from the training videos with parameters. The 
sampled patches will be located at the discriminant portion on 
the face such as the eyes and mouth. For instance, the patches 
on the nose are less discriminant than the patches on the other 
places because the motion field in the nose region has little 
facial expression related information. So, we only sample the 
video the patches around discriminant face region. . 

B.  Hough Tree 

Hough tree Tn in Hough forest T={Tn} is constructed from 
a set of 3D video patches {pi} defined as ݌௜ ൌ ൫݌௜௠௔௚, ,௜௫݌ ,௜௬݌ ܿ, ,௜ࢊ  ௜൯ݐ

where  pi  is a randomly selected 3D video patch (20×20×3), ݌௜௠௔௚, ,௜௫݌   ௜௬݌   is the motion feature of the patch, ܿ  is the 

expression label, ࢊ௜  is 2D spatial displacement from the video 
patch center to the facial expression center of Ii, ti is temporal 
displacement from the video patch to the video sequence 
center. 

Each leaf node L stores a portion of the training patches.  ݌௖௅ denotes the proportion of patches per class label reaching 
the leaf after the training, i.e. ∑ ௖௅௖݌ ൌ 1, and ܦ௖௅ ൌ ሼࢊ௜, ௜ሽୡ∈Ｃݐ

 

denotes a set of the training patches’ spatial and temporal 
displacement vectors for class label c respectively. Each non-
leaf node B of a tree is assigned a binary hypothesis test 
during training. There are many binary tests to be randomly 
selected. The binary hypothesis h at non-leaf node B is 
defined as  ݄஻,௔,ࢗ,࢖ሺ݌௜ሻ = ൜ 0      if  ݌௜௔ሺ࢖ሻ ൏  ሻ1                otherwise                (2)ࢗ௜௔ሺ݌ 

where pi is the 3D video patch, B represents this non-leaf 
node ID, a is the decision attribute of the patch to be selected 
by this node (e.g., mag, x, or y), p and q are any two points in 
the 3-D video patch. 

The random trees in Hough forests are constructed based 
on a standard random forest framework [17, 18]. Construction 
begins at the root by choosing a binary test, splitting the 
training patches according to the test results and then 
constructing children nodes. At each subsequent child node, 
the same procedure continues recursively, with each node 
being designated as a non-leaf node until the termination 
criteria is met, i.e. the child node is of a maximum depth, or 
there are less than a minimum number of patches remaining. 
Upon termination as a leaf, the remaining patches 
information, ܦ௖௅ ൌ ሼࢊ௜, ௜ሽୡ∈Ｃݐ

 and  ݌௖௅ are stored. 

The ideal binary test will split the patches so that the 
uncertainties of the class label and temporal center offsets are 
minimized. Here, we develop two measures to evaluate the 
uncertainty for a set of patches A＝{piሽ. The first measure 
aims to minimize the class uncertainty: Uଵ ൌ െ1|A|‧∑ ௖ܲln ሺ ௖ܲሻୡ      (3) 

where |A| is the number of patches in set A and ௖ܲ  is the 
proportion of patches with label c in set A. Note that the 
summation expression is the standard definition of entropy for 
the class labels. The second measure aims to minimize the 
center offset uncertainty: 

Uଶ＝ ∑ ԡݐ௜ െ ҧ஺ԡଶ୧ݐ                       (4) 

where ݐҧ஺ is the mean temporal offset of set A. Note that the 
offset uncertainty is minimized for all classes at the same time. 

At each non-leaf node during training, a pool of binary 
test { ݄B} is generated with randomly selected values of a, p, 
and q falling within the constraints of training data. Then, the 
test will be selected if either class or offset uncertainty is 
minimized. The set of patches arriving at the non-leaf node 



will be evaluated by all binary hypotheses in
binary hypothesis satisfying the followi
objective will be chosen as  ݊݅݉݃ݎܣ௞ （ UכሺቄＡቚ hB ൌ 0ቅ   ൅  Uכ ቀቄＡቚ 
(5) 

where subscript * indicates the chosen unc
for the node. We randomly selecting the un
for interleaved nodes throughout the tree wit
class and offset uncertainty. 

In training, we decide which measureme
current node to use. After randomly g
decisions, we choose a group of the best bin
node data clustered by eq. (2) to generate tw
tree construction terminates under the 
conditions: (a) the depth of sub-node depth
and (b) the number of patches in each cluster
you meet one of the child nodes for lea
information, otherwise continue to divide. 

IV. EXPRESSION RECOGNITIO

To recognize facial expression, we ex
from the test video. These patches will b
decision tree in Hough forest. Each patch 
leaf node of the tree in which the pre-store
used to cast votes for certain expression 
temporal center. Each patch will cast one vot
bucket based on its corresponding express
spatial/temporal displacements d and t. Base
the accumulators in the temporal space for 
we can recognize the correct facial expressio
we consider an input patch ݌௜ሺ࢟ሻlocated at y
features ௜݂ሺ࢟ሻ ൌ ሺ݌௜௠௔௚, ,௜௫݌  ௜௬). c(y) is the݌
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corresponding to the possible existence of 
with labeled class c and centered at t. We
finding the conditional probability P(Qୡሺtሻ |݌
be decomposed as follows: 

P(Qୡሺtሻ |݌௜ሺ࢟ሻ ) ＝    ∑ ܲሺQୡሺtሻ |cሺܡሻ ൌ ݈, ௜݂ሺܡሻ ሻ⋅ｌ∈Ｃ
 ܲሺcሺ࢟ሻ ൌ

= ܲሺQୡሺtሻ |cሺ࢟ሻ ൌ c, ௜݂ሺܡሻ ሻ ⋅  ܲሺcሺ࢟ሻ
= ܲሺtሺc, ሻܡሻ |cሺܡ ൌ c, ௜݂ሺܡሻ ሻ ⋅  ܲሺcሺ࢟ሻ

Suppose that the patch ends up in leaf L o
factor can then be approximated as the
estimate of ܦ௖௅ , the offset vectors belonging
the second factor can be approximated as 
probability of the patch belonging to class
rewrite Equation (6) for tree T as 
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e Parzen-window 
g to class c, while ݌௖௅  indicating the 
s c. We can then 

ܲ ቀQୡሺtሻቚ݌௜ሺܡሻ, Ｔቁ ൌ （ ଵหDౙLห ∑
(7) 

where G(⋅) is the 1-D Gaussia
the entire Hough forest T , we ܲሺQୡሺtሻ |݌௜ሺܡሻ,Ｔ ) = ଵቚＴቚ  ∑
where T={Tn} and the ⎥ T ⎢ 
Equations (7) and (8) define th
patch pi(y) for facial expressi
patches selected from the disc
integrated into Hough accumu
different classes as 

     Ｖ(t, c) = ∑ ܲ ቀܡ∈ௌሺ୲ሻ  
where S(t) denotes the discrim

A. ROI filtering 

Before voting, we propose
votes that point to the incorrec
p(y) ends up in the leaf node
stored labeled patches with D
leaf node may cast a vote or no
in the ROI, then the vote is inv
validity of the final accumula
valid votes in the target buc
region for each input patch is
shown in Figure 10.  

Figure 10

Then, we can rewrite Equaܲ ቀQୡሺtሻቚpሺܡሻ, Ｔቁ ൌ ଵหDౙ  L ห ∑୲౟∈D
(10) 
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Figure 11. The accumulated votes in the buckets for six facial expressions: (a) 
before applying the ROI filtering, and (b) after applying the ROI filtering. 

B. One-vs.-one method 

Here, we decompose six facial expression classification 
problem into 15 binary-classification problems (i.e., happy vs. 
surprise, anger vs. fear, sad vs. disgust, and so on). We 
develop 15 binary-classification Hough trees. Based on these 
Hough trees, the likelihood of six different classes for each 
input patch is defined as  

ܲ ቀܳ௖ሺݐሻቚ݌௜ሺܡሻ, Ｔቁ ൌ ∑ ,ሻܡ௜ሺ݌ሻหݐ௖௝ܲ൫ܳୡ↔௝ሺݓ ୡܶ↔୨൯௝,௝≠௖  (11) 

where T={Tc↔j}, c=1~6, and j=1~6. Let Qୡ↔௝ሺݐሻ  be the 
random event corresponding to the possible existence of facial 
expression with labeled class c or j, and centered at t. Tc↔j is 
the binary-classification Hough tree for differentiating classes 
c and j. The weight ݓ௖௝  for the likelihood generated from each 
Hough tree are defined as ݓ௖௝ ൌ ቊെݓ௖, pୡL ൏ p୨Lݓ௖, pୡL ൐ p୨L                        (12) 

where the weights for each class c are normalized as ∑ ௖௝௝ݓ ൌ1. A positive weight wc is assigned if the likelihood (or votes) 
of the designated class is larger than its counterpart, otherwise 
a negative weight –wc is assigned. The weight is class-
dependent and determined experimentally. For certain pair of 
ambiguous facial expressions such as angry vs. disgust, the 
assigned weight will be smaller. Finally, all the weighted 
likelihoods are added for each class. The one with the largest 
accumulated weighted likelihood is identified as the correct 
facial expression Cexpression as ܥ௘௫௣௥௘௦௦௜௢௡ ൌ ௖ܲݔܽ݉݃ݎܣ ቀܳ௖ሺݐሻቚ݌௜ሺܡሻ, Ｔቁ.      (13) 

V. EXPERIMENTAL RESULTS 

Here, we demonstrate our experiments and show the 
experimental results. We also compare our method with the 
others based on the same test dataset to analyze the 
advantages and disadvantages of our method. There are two 
different video datasets for continuous facial expression 
recognition: Cohn-Kanade+ AU-coded facial expression 
database (Cohn-Kanade+) and MMI-Facial Expression 

Database (MMI). In the experiments, we test our method by 
using two facial expression database and compare our results 
with the others. Besides, we also create another facial 
expression video database by videoing the different facial 
expressions of our colleagues. 

A. COHN – KANADE+ DATASET 

This video dataset [19, 20] is recorded from 210 people 
with ages from 18 to 50. The gender ratio is that 69% female 
and 31% male. The racial distribution is 81% Caucasian, 13% 
African American, and 6% others. The resolution of each 
frame is 640×490 or 640×480. Each video starts from a 
natural expression to onset, and finally to apex. Each video 
present a specific Facial Action Unit (AU) for Facial Action 
Coding System (FACS). AU represents a designate facial 
action which does not include sufficient information to 
indicate a certain expression. In the dataset, they label all the 
possible expressions for each video. Each facial expression 
indicates an appearance of certain AUs. 

 
Figure 12. Cohn-Kanade+ expression dataset, from neutral to onset, and to 
apex. 

TABLE 1.The facial expression and action units (AU) [19] 

 
In this experiment, we choose the facial expression dataset 

from Cohn-Kanade+ database which has sufficient 
information and strongly indicates certain expression. Our 
purpose is to avoid select some videos that provide no 
indication of certain facial expression. We have selected and 
re-labeled the videos of six different facial expressions from 
Cohn-Kanade+ database as shown in Table 2. 

TABLE 2. Cohn-Kanade+ hand-labeled database. 
Class Angry Disgust Fear Happy Sad Surprise 

Quantity 41 55 25 69 28 80 
 

B. MMI Dataset 

The MMI video dataset [21] consists of 19 males and 
females and includes different AUs and expressions. Each 



video starts from neutral to onset, to apex and then back to 
natural expression. The resolution of each frame is 720×480. 
Each subject is filmed without prior training or head-motion 
limitation. The length of video is also different for different 
subject perform the action. Therefore, it greatly increases the 
complexity of analyzing the facial expression of the videos in 
MMI dataset. Figure 13 shows MMI dataset. Each video 
consists of the following transitions: Neutral→Onset→ 
Apex→Offset→Neutral. In Figure 13, there are three subjects, 
and each subject has his own way to express the angry 
expression. We may see that their way of showing the anger 
and their head motion are different. 

 

Figure 13. MMI dataset of different facial expressions. 

TABLE 3. Different expression videos in MMI database 
class angry disgust fear happy sad surprise 

quantity 32 30 29 38 32 41 

C.  Lab708 Dataset 

We have another facial expression video database by 
videoing the different facial expressions of 10 graduate 
students. They have not priori guiding to make their facial 
expressions. However, they are not allowed to move their 
heads during making their expressions. The resolution of 
each frame is 720×480, and each subject has recorded 13 
video for each expression as shown in Figure 14. 

 
Figure 14. The fear expression of four different subjects in our database. 

In the experiments, the outcome is the number of votes. If 
the number of votes is larger than certain threshold, we 
identify the location of the accumulator and the class of the 
facial expression. The threshold is determined as follows: 

Vሺc, tሻ ൐ 1.3 כ ଵ|C| ∑ Vሺc, tሻୡ∈C                     (14) 

Based on the threshold, we may identify the most likely facial 
expression and the frame number that the expression ends. 

In the experiments, we determine the size of the patch and 
the number of selected patches per frame based on the dataset. 
Here, we train 10 Hough trees and choose 10 videos for 
testing. In the experiments, the patch sampling rate is fixed at 
300 patches per frame. For fixed sampling rate, we can find 
the best patch size. Then we fix the patch size and vary the 
sampling rate to find the best recognition rate. In the first 
experiment, we find that the patch size may influence the 
recognition rate. The larger patch size will include more 
temporal information of the facial motion for higher 
recognition accuracy. However, if the patch size is larger than 
20×20, the recognition accuracy decreases. The recognition 
accuracy vs. the patch size is shown in Table 4.  

From Figure 15, we find three patches sizes 10×10, 15×15 
and 20×20 have demonstrate the best recognition rate. Then, 
we illustrate the influence of the number of patch samples 
selected per frame for facial expression recognition. The 
larger number of samples in the video will induce more votes, 
the statistics will become more un-biased, and the recognition 
accuracy increases. However, more patch samples indicate 
more complicated voting process and more computation time. 
We find that the recognition accuracy will not increase once 
the number of samples per frame is more than 200 as shown 
in Figure 16. 

 

 
Figure 15.. The recognition rate for different patch size. 

 
Figure 16. Recognition rate of different sampling rate and patch sizes 
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In the 2nd experiment, we find that the higher sampling 
rate will induce a more stable recognition rate, however the 
recognition time will be increased. When the patch size is 
20×20×3 and the sampling rate is 100 per frame, we have the 
best recognition rate and system performance. Our system can 
process 700 patches per frame. 

One-third of Cohn-Kanade+ dataset are for training, and 
the rest two-thirds are for testing. MMI dataset includes 5 
sequences for each expression. We select 3 videos from Lab 
708 dataset for training and the rest for testing. The Cohn-
Kanade+ data set are not sufficient. For Cohn-Kanade+ data 
set, we do not train our classifier by using the modified multi-
voting Hough forest but using the conventional Hough forest. 
The single-person video sequence is not sufficient for single 
Hough forest training. For MMI and Lab-708 dataset, the 
multi-voting Hough forest training can be applied. The patch 
size for training and testing is 20×20×3. In testing, the 
sampling rate is 100 per frame. Each Hough forest consists of 
5 or 3 Hough trees. We train an odd number of Hough trees 
for the final voting.  

TABLE 4. the recognition rate for Cohn-Kanade+ dataset. 
 angry disgust fear happy sad surprise Recog. 

rate 
angry 0.75 0.1 0 0.13 0 0 0.75 
disgust 0 0.97 0 0.025 0 0 0.97 
fear 0 0 0.88. 0.055 0 0.055 0.88 
happy 0 0 0.02 0.97 0 0 0.97 
sad 0.10 0 0.10 0 0.80 0 0.8 
surprise 0 0 0 0 0 1 1 

TABLE 5. The recognition rate for the MMI data set 
 angry disgust fear happy sad surprise Recog. 

rate 
angry 0.59 0.22 0 0 0.18 0 0.59 
disgust 0.12 0.80 0.08 0 0 0 0.80 
fear 0 0 0.62 0.04 0 0.33 0.62 
happy 0 0 0 0.9 0 0.09 0.90 
sad 0.11 0.07 0.14 0 0.66 0 0.66 
surprise 0 0 0.13 0 0 0.86 0.86 

TABLE 6. The recognition rate for the LAB708 dataset 
 angry disgust fear happy sad surprise Recog.rate 

Angry 0.6 0.1 0.1 0 0 0.1 0.6 
Disgust 0.1 0.8 0.1 0 0 0 0.8 

Fear 0 0.1 0.7 0 0 0.2 0.7 
Happy 0 0 0 1 0 0 1 

Sad 0 0.1 0.2 0 0.7 0 0.7 
Surprise 0 0 0 0 0 1 1 

D.  Comparisons with other methods 

In the section, we compare the performance of our method 
with the other three methods by using Cohn-Kanade+ data set. 
The features and classifiers used for the other three methods 
are shown in Table 7.  

TABLE 7. The methods of three different methods 
Methods Features Classifier 

Aleksic[22] Facial animation parameters  HMM 
Kotsia[23] Gabor wavelet SVM 
Yeasin[24] PCA optical flow HMM 

TABLE 8. Comparison of four different methods. 
Recog. rate Ours Aleksic Yeasin Kotsia 

angry 0.75 0.70 1 0.86 
disgust 0.97 0.97 0.62 0.87 

fear 0.88 0.88 0.76 0.92 
happy 0.97 0.98 0.96 0.95 

sad 0.80 0.96 0.96 0.89 
surprise 1 1 1 0.96 

Avg. 0.89 0.93 0.90 0.90 

From the experimental results, we find that the 
recognition rate is not good enough for the three expressions:  
angry, fear and sad. However, the recognition rate is much 
higher than the previous three for the other three expressions 
due to bad feature extraction. The two image features cannot 
fully reflect the difference between angry and sad. The 3D 
mouth deformation information is not obtained from the 
patches as shown in Figure 17.  

 
Figure 17. The angry and sad expressions. 

     We compare system performance by using three different 
datasets and find that the recognition rate for the testing data 
set from MMI is the worst. For the other two datasets, we 
have better recognition rate. The reason is that we cannot 
have a very precise face calibration for MMI facial images. 
MMI facial images have a larger 3-D head motion that 
complicates the face calibration process. However, under the 
condition of no-limitation for the test subject, we still can 
have acceptable facial expression recognition rate due to the 
multi-voting Hough forest structure. 

TABLE 9. The limitation of subjects in the three dataset. 
Dataset Training Restricted 

head motion 
Avg. 

Accuracy 
Cohn-Kanade+ Yes Yes 0.89 

MMI No No 0.73 
Lab708 No No 0.8 

Our system demonstrates a pretty good performance for 
the dataset in which the subjects have head motion limitation. 
For dataset of larger head motions, the reliability of the 
extracted spatial-temporal feature reduces and the recognition 
rate decreases. Our system requires that the input video facial 
expression evolves over time from the onset, the apex, and the 
offset. However, the image-based methods have no such 
limitation. It takes only one shot as observations which 
capture the image characteristics at the apex of the 
expressions.  



VI. CONCLUSIONS 

We introduce a 3-D spatial-temporal local feature 
extraction for identify the facial expression by applying 
Hough forest. We have also applied the ROI filtering to 
reduce the error during the training process and increase the 
discriminative capacity of the parameter voting. Our facial 
expression identification method is people-independent. 
Human beings usually do not make unanimous justification of 
the video with facial expression. Human facial expression 
identification is still a difficult un-solved problem. 

REFERENCE 

[1] A. Mehrabian. Communication ithout Words.  Psychology 
Today, Vol.2, No.4, pp. 53-56, 1968 

[2] B. Fasel and J. Luettin. Automatic facial expression 
analysis: A survey. Pattern Recognition, vol. 36, pp. 259-
275, Sep. 2003 

[3] P. Viola and M. J. Jones. Rapid object detection using a 
boosted cascade of simple features.  IEEE CVPR, Dec. 
2001, vol. 1, pp. 511-518. 

[4] A. Dhall, A. Asthana, R. Goecke, and T. Gedeon,. 
Emotion recognition using PHOG and LPQ features. the 
9th IEEE Int. Conf. on Automatic Face Gesture 
Recognition and Workshops (FG’2011), Facial Expression 
Recognition and Analysis Challenge Workshop (FERA), 
pages 878–883, 2011. 

[5] C. Shan, S. Gong, and P. McOwan. Facial expression 
recognition based on local binary patterns: A 
comprehensive study. Image and Vision Computing, 
27(6):803–816, 2008. 

[6] G. Zhao and M. Pietikainen. Dynamic texture recognition 
using local binary patterns with an application to facial 
expressions.  IEEE Trans. on PAMI, 29 (6) (2007) 915–
928. 

[7] P. Yang, Q. Liu, D.N. Metaxas. Boosting coded dynamic 
features for facial action units and facial expression 
recognition. CVPR 2007. 

[8] T. F. Cootes, G. J. Edwards, and C. J. Taylor. Active 
appearance models. IEEE Trans. on PAMI, vol. 23, no. 6, 
pp. 681-685, 2001. 

[9] Valstar, M.F. and Pantic, M. Fully automatic facial action 
unit detection and temporal analysis. Proc. CVPR, vol. 3, 
149, 2006. 

[10] P. Ekman and W. V. Friesen, Constants across cultures 
in the face and emotion. Journal of Personality and 
Social Psychology, vol. 17, pp.124-129, 1971. 

[11] M. Pantic and L. J. M. Rothkrantz. Automatic analysis of 
facial expressions: The state of the Art. IEEE Trans. on 
PAMI, vol. 22, no. 12, pp. 1424-1445, 2000. 

[12] N. Cristianini and J. Shawe-Taylor, An Introduction to 
Support Vector Machines. Cambridge University Press, 
2000. 

[13] S. Yang and B. Bhanu. Facial expression recognition 
using emotion avatar image,” Int. Conf. on Automatic 
Face & Gesture Recognition, pp. 866 –871, 2011. 

[14] J. L. Barron, D. J. Fleet, S. S. Beauchemin, and T. A. 
Burkitt. Performance of optical flow techniques. Proc. of 
CVPR, 1992, pp.236-242. 

[15] S. Koelstra and M. Pantic. Non-rigid registration using 
freeform deformations for recognition of facial actions 
and their temporal dynamics. Proc. IEEE Int’l Conf. 
Automatic Face and Gesture Recognition. 2008. 

[16]  L. Breiman. Random Forest. Machine Learning, 45(1), 
5~32, 2001. 

[17] J. Gall and V. Lempitsky. Class-specific Hough forests 
for object detection. IEEE CVPR, 2009. 

[18] A. Yao, J. Gall, and L. Van Gool. A Hough transform-
based voting framework for action recognition. IEEE 
CVPR, 2010. 

[19] T. Kanade, J. F. Cohn, and Y. Tian. Comprehensive 
database for facial expression analysis. Automatic Face 
and Gesture Recognition. (2000) 46–53. 

[20] P. Lucey, J. F. Cohn, T. Kanade, J. Saragih, Z. Ambadar, 
and I. Matthews. The Extended Cohn-Kande Dataset 
(CK+): A complete facial expression dataset for action 
unit and emotion-specified expression. The 3rd IEEE 
Workshop on CVPR for Human Communicative 
Behavior Analysis, 2010. 

[21] M. Pantic, M. Valstar, R. Rademaker, and L. Maat, Web-
based database for facial expression analysis. ICME 
2005. 

[22] P. S. Aleksic, and A.K. Katsaggelos. Automatic facial 
expression recognition using facial animation parameters 
and multi-stream HMMs. IEEE Trans. on Information 
Forensics and Security (1). 

[23] I. Kotsia, I. Buciu, and I. Pitas, “An analysis of facial 
expression recognition under partial facial image 
occlusion,” Image and Vision Computing, vol. 26, no. 7, 
pp. 1052-1067, July 2008. 

[24] M. Yeasin, B. Bullot, and R. Sharma, “Recognition of 
facial expressions and measurement of levels of interest 
from video,” Transactions on Multimedia 8 (2006) 500 – 
508  



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSansMM
    /AdobeSerifMM
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellGothicStd-Black
    /BellGothicStd-Bold
    /BellGothicStd-Light
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /blex
    /blsy
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /Cmb10
    /CMB10
    /Cmbsy10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /Cmbx10
    /CMBX10
    /Cmbx12
    /CMBX12
    /Cmbx5
    /CMBX5
    /Cmbx6
    /CMBX6
    /Cmbx7
    /CMBX7
    /Cmbx8
    /CMBX8
    /Cmbx9
    /CMBX9
    /Cmbxsl10
    /CMBXSL10
    /Cmbxti10
    /CMBXTI10
    /Cmcsc10
    /CMCSC10
    /Cmcsc8
    /CMCSC8
    /Cmcsc9
    /CMCSC9
    /Cmdunh10
    /CMDUNH10
    /Cmex10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /Cmff10
    /CMFF10
    /Cmfi10
    /CMFI10
    /Cmfib8
    /CMFIB8
    /Cminch
    /CMINCH
    /Cmitt10
    /CMITT10
    /Cmmi10
    /CMMI10
    /Cmmi12
    /CMMI12
    /Cmmi5
    /CMMI5
    /Cmmi6
    /CMMI6
    /Cmmi7
    /CMMI7
    /Cmmi8
    /CMMI8
    /Cmmi9
    /CMMI9
    /Cmmib10
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /Cmr10
    /CMR10
    /Cmr12
    /CMR12
    /Cmr17
    /CMR17
    /Cmr5
    /CMR5
    /Cmr6
    /CMR6
    /Cmr7
    /CMR7
    /Cmr8
    /CMR8
    /Cmr9
    /CMR9
    /Cmsl10
    /CMSL10
    /Cmsl12
    /CMSL12
    /Cmsl8
    /CMSL8
    /Cmsl9
    /CMSL9
    /Cmsltt10
    /CMSLTT10
    /Cmss10
    /CMSS10
    /Cmss12
    /CMSS12
    /Cmss17
    /CMSS17
    /Cmss8
    /CMSS8
    /Cmss9
    /CMSS9
    /Cmssbx10
    /CMSSBX10
    /Cmssdc10
    /CMSSDC10
    /Cmssi10
    /CMSSI10
    /Cmssi12
    /CMSSI12
    /Cmssi17
    /CMSSI17
    /Cmssi8
    /CMSSI8
    /Cmssi9
    /CMSSI9
    /Cmssq8
    /CMSSQ8
    /Cmssqi8
    /CMSSQI8
    /Cmsy10
    /CMSY10
    /Cmsy5
    /CMSY5
    /Cmsy6
    /CMSY6
    /Cmsy7
    /CMSY7
    /Cmsy8
    /CMSY8
    /Cmsy9
    /CMSY9
    /Cmtcsc10
    /CMTCSC10
    /Cmtex10
    /CMTEX10
    /Cmtex8
    /CMTEX8
    /Cmtex9
    /CMTEX9
    /Cmti10
    /CMTI10
    /Cmti12
    /CMTI12
    /Cmti7
    /CMTI7
    /Cmti8
    /CMTI8
    /Cmti9
    /CMTI9
    /Cmtt10
    /CMTT10
    /Cmtt12
    /CMTT12
    /Cmtt8
    /CMTT8
    /Cmtt9
    /CMTT9
    /Cmu10
    /CMU10
    /Cmvtt10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Dcb10
    /Dcbx10
    /Dcbxsl10
    /Dcbxti10
    /Dccsc10
    /Dcitt10
    /Dcr10
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EuroSig
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KozGoProVI-Medium
    /KozMinProVI-Regular
    /KristenITC-Regular
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LetterGothicStd
    /LetterGothicStd-Bold
    /LetterGothicStd-BoldSlanted
    /LetterGothicStd-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /MinionPro-Semibold
    /MinionPro-SemiboldIt
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /MyriadPro-Black
    /MyriadPro-BlackIt
    /MyriadPro-Bold
    /MyriadPro-BoldIt
    /MyriadPro-It
    /MyriadPro-Light
    /MyriadPro-LightIt
    /MyriadPro-Regular
    /MyriadPro-Semibold
    /MyriadPro-SemiboldIt
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomDGR-Bold
    /NimbusRomDGR-BoldItal
    /NimbusRomDGR-Regu
    /NimbusRomDGR-ReguItal
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SimHei
    /SimSun
    /SimSun-PUA
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e5c4f5e55663e793a3001901a8fc775355b5090ae4ef653d190014ee553ca901a8fc756e072797f5153d15e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc87a25e55986f793a3001901a904e96fb5b5090f54ef650b390014ee553ca57287db2969b7db28def4e0a767c5e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020d654ba740020d45cc2dc002c0020c804c7900020ba54c77c002c0020c778d130b137c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor weergave op een beeldscherm, e-mail en internet. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for on-screen display, e-mail, and the Internet.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing false
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


